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Introduction Fig. 1 Flow chart of the EM algorithm

The procedure for this method is presented in
Fig.1. First of all, the gray color image is offset

so that the gray level values are greater than | The result:
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influence on the location of the center. < stop_value (3)
. Points near clusters boundaries have small
influence on several centers.
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chart that shows the distribution of
intensities in an gray scale image. The input
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each point can softly change its group. Calculate mask Fig. 4 Segmentation images, with 6 classes (left) and 10 classes (right)
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